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Abstract -

In recent years, with the spread of smartphones, web services such as SNS have become more
and more familiar. In recent years, with the spread of smartphones, web services such as social
networking services have become familiar, and the opportunities to take pictures with cameras have
increased. In particular, in the case of endoscope images, the images are taken in dark places, and
the degradation components are more severe than in brightly lit rooms or outdoors. In this
application, we introduce a learning restoration method that learns between sharp images without
motion blur and images containing motion blur, and propose a high-performance restoration method

specialized for endoscope images. The effectiveness of this method is confirmed by experiments.
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